ABSTRACT
These results may be discouraging from an investor's perspective, but the South African banking industry has been a well regulated banking system compared to international standards, even before the financial crisis (The Banking Association of South Africa, 2011; 2012) , thus implying financial stability and potential performance worth evaluating. This is emphasised by the gradual recovery after the financial crisis period, as the banking stability index increased, due to the gradual accumulation of liquid assets and capital. The Network Systemic Importance Index (NSII) also illustrated a slight increase in interconnectivity in the interbank market, as reported in September 2011 (SARB, 2011) . The March 2013 and 2014 Financial Stability reviews, published by the South African Reserve Bank (SARB), further highlighted the South African banks' ability to improve. Although the South African banks exhibited a moderate decrease in profitability and efficiency (cost-to-income ratio) from 53.9% in July 2012 to CPI  CPI  J580  GND  CPI  CPI  J580  S&P 500  GND  GND  J203  CPI  S&P 500  S&P 500  J203  Dow Jones  SFN  SFN  UKX  J580  FSR  FSR  UKX  J580  ABL  ABL  S&P 500  SFN  Dow Jones  Dow Jones  Dow Jones  CPI  INL  BGA  Dow Jones  J203  DAX  DAX  S&P 500  J203  BGA  INL  CAC 40  BGA  INL  J580  J835  FSR  SBK  SBK  J835  ABL  NED  UKX  DAX  UKX  FSR  FSR  DAX  J835  J580  NED  SBK  DAX  J835  J835  BGA  INL  UKX  J203  CAC 40  J835  J580  J580  SBK  SBK  J835  INL  CPI  NED  J203  J203  NI225  FSR  J203  J835  NED  INL  NI225  NI225  FSR  NI225  CAC 40  CAC 40  BGA  CAC 40  DAX  SHCOMP  SHCOMP  DAX  GND  GND  SHCOMP  SBK  CAC 40  DAX  NED  SHCOMP  SFN  SBK  GND  GND  UKX  CAC 40  GND  CAC 40  SBK  SFN  INL  SFN  S&P 500  UKX  INL  UKX  BGA  BGA  FSR  BGA  NED  S&P 500  ABL  S&P 500  NI225  NI225  SFN  NI225  Dow Jones  Dow Jones  SFN  Dow Jones  SHCOMP  SHCOMP  NI225  SHCOMP  SHCOMP  NED  CPI  NED  ABL  ABL  ABL  ABL of South Africa and eventually led to the establishment of the Standard Bank Group in the late 1960s (Standard Bank, 2014) . During the same time the Nederlandsche Bank voor Zuid-Afrika (NBZA) was established in the 1950s as a South African banking company and later on changed its name to the Netherlands Bank of South Africa (NBSA). In the 1970s NBSA again changed its name to Nedbank, and from the merger of Syfrets South Africa and Union Acceptances and Nedbank, led to the founding of the Nedbank Group (Nedbank, 2014) . During the 1990s the South African banking industry underwent significant re-organisation and consolidation, starting when Volkskas Bank, Allied Bank, United Bank and Sage Bank merging to create the Amalgamated Banks of South Africa Limited, which is more commonly known as ABSA Group Limited (Akinboade & Makina, 2006) . In 1992, ABSA also acquired the entire shareholding of the Bankorp Group, which included Bankfin, Senbank and Trustbank (ABSA, 2013) , and became Barclays African Group in 2013 after the takeover by Barclays plc. in 2005 (Fin24, 2013a . Also, the largest transaction in the history of financial services at the time occurred during 1998 and entailed the disposal of Anglo America's interest in First National Bank and Southern Life and the merger of these assets with Momentum and RMB, which led to the founding of the FirstRand Group (FNB, 2014) .
Besides these distinguishable events, which led to the founding of the current four major South African banks, the promulgation of the Bank Act of 1990 led to the issuing of several banking licenses, which initiated the registration of 43 South African banks by the end of 2001 (The Banking Association of South Africa, 2012) . This led to the development of a highly concentrated South African banking industry with little diversity (Hawkins, 2004) , which became recognised as an immense sophisticated and reliable industry compared to international standards (Ferhani & Sayeh, 2008) . However, after the announcement of Saambou bank's financial problems in 2002, several smaller banks including BOE (the sixth largest bank at that time) suffered from a phenomenon called a 'run-on-the-bank', which led to many bankruptcies and caused a number of banks to vacillate in renewing their licenses (The Banking Association of South Africa, 2012) . With the demise of many smaller banks, the South African banking industry steadily increased in concentration, with the Herfindahl-Hershman Index ranging between 0.183 to 0.190 over a period of eight years (2005) (2006) (2007) (2008) (2009) (2010) (2011) (2012) and the Gini concentration index ranging between 82% and 84% from 2003 to 2013 (SARB, various years) . This led to a South African banking industry that is made up of only 17 registered banks, 12 local branches of foreign banks, 41 foreign banks with approved local representative offices, and two mutual banks (The Banking Association of South Africa, 2012).
Given this amount of active banks, only five are dominating the South African banking industry, which entails FirstRand Limited, Nedbank Group Limited, Standard Bank Group Limited, Barclays African Group and Investec Limited (established in 1991). Together they control approximately 90% of total banking assets in South Africa (The Banking Association of South Africa, 2010; , and approximately 84% when excluding Investec Limited (The Banking Association of South Africa, 2012). Although the South African banking industry is smaller compared to developed countries, such as the United States (US) and the United Kingdom (UK), the performance of the South African banks can be signified by certain past achievements. For example, the South African banks achieved second place out of 144 countries in terms soundness and third place in terms of financial sector development, according to the World Economic Forum competitive Survey 2012/2013 (The Banking Association of South Africa, 2012). This pronounced banking industry was not totally immune against the effects of the 2007-2009 global financial crisis. Some of the effects can be seen in the impact on total assets and liabilities of the South African banking industry. The total banking industry assets decreased from R3.1 trillion in December 2008 to R2.9 trillion in December 2009, whereas the total liabilities in the banking industry decreased from R2.9 trillion in December 2008 to R2.7 trillion in December 2009 (The Banking Association of South Africa, 2012). This decrease was partly due to the illiquidity of interbank markets during the financial crisis periods, where banks favoured hoarding cash instead of lending it due to higher interest spreads (Heider, Hoerova & Holthausen, 2009 ). The decrease in total liabilities, on the other hand, can be partly assigned to the decrease in confidence in the South African financial sector, due to lower profit margins and uncertainty in global markets (SARB, 2010) .
However, the South African banking industry illustrated a steady recovery during the post-financial crisis period, with total assets and liabilities increasing to R3.5 trillion and R3.2 trillion, respectively by June 2012 (The Banking Association of South Africa, 2012). South African banks also illustrated an improvement in the cost-toincome ratio, lowering it to 54.8% during June 2012 that was still within the international benchmark of 60% (SARB, 2012) . Between 2010 and 2011 the South African financial sector was able to contribute approximately 10.5% of the annual Gross Domestic Product (GDP) and employed almost 4% of the total formal sector employment. The South African banking industry also possesses approximately 50% of the total financial services sector's assets and employed almost 150 000 people by 2012 (The Banking Association of South Africa, 2012). Additionally, there was also a significant increase in confidence in the South African financial service industry. The financial service index recovered from an index value below 50 and increased to an index value of 86 by December 2012 (SARB, 2013 ).
This moderate recovery was possible due to several factors that protected the South African financial sector against the more severe effects of global financial crisis. Some of these factors include a limited exposure to foreign assets; conservative risk management practices at domestic banks; subsidiary structure and listing requirements; and due to a sound framework for financial regulations and institutions to operate, which included the successful adoption and implementation of the Basel II Accord (National Treasury, 2011) . Also, the South African economy helped to limit the exposure even further by means of a countercyclical monetary and fiscal policy; a robust monetary policy; reducing household vulnerability by the introduction of the National Credit Act to limit reckless lending; and due to a pro-active approach that is followed in terms of bank credit risk (National Treasury, 2011) . The South African banking industry has also illustrated further leadership in terms of Basel compliance, where it was only one of 11 countries who issued a final draft on the Basel III regulations before the official starting date of 1 January 2013. South African banks are also considered to be well capitalised above the new Basel III requirements, although they still do not presently meet the global liquidity standards, which implies the need for some structural changes within the South African financial system (National Treasury, 2011; SARB, 2013a) . Overall, the South African banking industry has illustrated superior dominance and stability by means of compliance and regulations, therefore, emphasising why investors should consider evaluating South African banking shares as possible investment options.
PERFORMANCE MEASURES AND METHODOLOGY
The efficient allocation of a portfolio is essential to obtain the required risk-return profile of an investor (Das, Kadapakkam & Tse, 2013) . The traditional approach in achieving an efficient portfolio is based on the meanvariance formulation of Markowitz (Markowitz, 1952) . Based on this approach, different assets are combined which minimise the variance for a given level of return. However, some of the greatest criticisms of this approach is that it ignores the higher moments (Hentati, Kaffel & Prigent, 2010) and that variance does not provide a consistent perception of actual risk (Harlow, 1991) . This is because measures only the dispersion of returns around its historical average and penalises positive and negative deviations from the historical average in a similar manner (Lhabitant, 2004) . This implies that and products thereof (referring to standard deviation and beta) are unable to differentiate between downside and upside risk and thus penalise positive returns (De Wet, Krige & Smit, 2008; Harding, 2002) , which also mean that they fail to capture downside surprise (Lamm, 2003) . These arguments are further emphasised by Amenc, Martellini and Sfeir (2004:2) , who stated that traditional performance measures, which incorporates these risk measures as denominators, can easily be manipulated when seeking returns in "nonnormal risks", like extreme liquidity and credit risk and volatility variation risks.
Scaled Sharpe Ratio
From these shortfalls mentioned above, it is apparent that different portfolio allocations are possible when applying variance, standard deviation or beta as a risk measure, especially with the presence of non-normally distributed returns (see for example, Wong, Phoon & Lean, 2008; Lamm, 2003) . Nonetheless, several risk-adjusted performance measures have been developed that still apply or a product thereof (referring to standard deviation and beta) as risk measures. Some of these include the Sharpe ratio (Sharpe, 1966 ):
Sharpe ratio (1) where is the annualised return of an asset; is the annualised risk-free rate; and is the annualised standard deviation of the asset's returns. To overcome the undesirable effects of higher moments, Gatfaoui (2012) proposes that the following adjustments can be made to the traditional Sharpe ratio to estimate an adjusted, scaled, Sharpe ratio:
Scaled Sharpe ratio (3) where ; and , with and denoting the number of observations below and above the mean of the security's returns; is the total number of observations under investigation; denotes negative excess returns; denotes positive excess returns; denotes the annualised returns of a security; denotes the annualised risk-free rate; and denotes the annualised standard deviation of the security's returns (with and denoting the downside and upside deviations, respectively). However, the study of Reschenhofer (2004) also suggests that structural breaks can occur in higher moments, which can be misinterpreted as a deviation from normality. Several studies have proposed different procedures to detect structural breaks (see for example Chu, Stinchcombe & White, 1996; Sowell, 1996) . Although, many of these models are not always robust against heavy tails or require that the location of possible breaks are specified a prior or do not allow for dependence in the data under investigation (Reschenhofer, 2004) . Also, alternative distributional stability models, such as Inoue's (2001) non-parametric test is unable to provide meaningful estimates of break locations in the presence of multiple breaks. From these findings it can be argued that it is difficult to detect multiple structural breaks accurately and to distinguish between structural breaks and other non-stationarity-like smooth transitions (see for example Reschenhofer, 1997) . There is also no clear indication on how these structural breaks can be eliminated effectively, so this paper will not account for the possible presence of structural breaks in the higher moments.
Besides the limitations and modifications mentioned above, the Sharpe ratio is also based on two flawed assumptions. Firstly, the traditional Sharpe ratio assumes that the returns of the individual security are uncorrelated with the mean portfolio returns, which can lead to misleading performance rankings in the process (Sharpe, 1994) . In order to overcome this problem Lo (2002) suggests that the Sharpe ratio can be adjusted for autocorrelation as follows: (4) where is the traditional or scaled Sharpe ratio on a monthly basis, as estimated in (1); and is the autocorrelation for returns.
The second flawed assumption is that the Sharpe ratio fails to take any benchmark/threshold of a fund into consideration to estimate the excess returns, making the evaluation of some portfolios difficult (Amenc, Martellini & Sfeir, 2004) . Also, as each investor has its own risk preference, different risk-free rates will be selected to estimate the excess returns (numerator of the Sharpe ratio), which can lead to different performance rankings. For example, the study of Copeland, Koller and Murrin (2000) and Brigham and Ehrhardt (2005) considered the 91-day Treasury Bill rate, whereas Moolman and Du Toit (2005) and De Wet (2005) considered the R157 bond yield and the R150 bond yield, respectively. Alternative studies also suggest the 10-year government bond yield (see for example Copeland, Koller & Murrin, 2000) , whereas Botha (2007) and Favre-Bulle and Pache (2003) recommended the 3-month JIBAR rate and the 3-month LIBOR rate, respectively.
In addition, to overcome the flaws posed by the traditional risk measures, several studies have recommended modified versions of the traditional Sharpe ratio. These modified versions include the modified Sharpe ratio (Gregoriou & Gueyie, 2003) ; the modified Value at Risk (MVaR) model (Favre & Galeano, 2002) ; the Conditional Drawdown at Risk (CDaR) model; the Conditional Value at Risk (CVaR) model (Krokhmal, Palmquist & Uryasev, 2002) ; the Cornish-fisher ratio (Liang & Park, 2007) ; as well as the Polynomial Goal Programming process (PGP) (Davies, Kat & Lu, 2009 ). However, the popular Value at Risk-based measures are still flawed by their sensitivity to the underlying parameters and the reliance on normally distributed risk factors (Van Dyk, Van Vuuren & Heymans, 2014) . Also, as the presence of normality is infrequent, especially when evaluating emerging market returns (Hwang & Pedersen, 2004) , the divergence from normality occurring in the higher moments of the return distributions will limit the Sharpe ratio's performance ranking abilities (Amin & Kat, 2003; Kat, 2003) .
Omega Ratio
In order to overcome several of the limitations posed by the Sharpe ratio, this paper will also consult the Omega ratio (Keating & Shadwick, 2002) , which treats upside and downside risk differently, thus "heeding" the criticism of the mean-variance portfolio optimisation of Markowitz (Gilli, Schumann, Di Tollo & Cabej, 2011:95) . The Omega ratio also includes all the information that are encoded in the moments (namely, variance, mean, skewness, & kurtosis) (Togher & Barsbay, 2007) ; it does not require any assumptions about any moments (De Wet, Krige & Smit, 2008) ; and thus no assumptions are required on the utility function of an investor (Favre-Bulle & Pache, 2003) . The Omega ratio is, therefore, beneficial as it considers both the upside potential (higher partial moments) and downside potential (lower partial moments) of an investment over the entire distribution (Kazemi, Schneeweis & Gupta, 2003) , whereas popular ratios like the Sortino ratio (see Sortino & Price, 1994) and the Calmar ratio (see Young, 1991) consider only the lower partial moments (downside risk & maximum drawdown, respectively). Overall, the Omega ratio considers the possibility for returns to be not normally distributed, which enables it to serve as an appropriate benchmark to the Sharpe ratio. The Omega ratio can, therefore, be illustrated as follows (Keating & Shadwick, 2002) : (5) where denotes the selected threshold; denotes the random one-period return of an investment; and denote the upper and lower bounds of the return distribution, respectively; denotes the upside potential; and denotes the downside potential.
However, the Omega ratio, like all traditional performance ratios, is still fallible in the sense that it is backward-looking (Togher & Barsbay, 2007) . To overcome this shortcoming, and the uncertainty regarding the future performance of South African banks after the downgrade, this paper will also consult the Kalman filter (Kalman, 1960) . The Kalman filter will provide an out-of-sample forecast, which will enable the estimation of 'future' Share and Omega ratios to determine if the South African banking industry can still be expected to be a feasible investment option after the downgrade.
Kalman Filter
The Kalman filter (Kalman, 1960 ) is a Bayesian updating scheme that maximises the likelihood of correctly estimating unknown parameter values (Koch, 2006) . The filter addresses the general problem of attempting to estimate the state of a discrete, time-controlled process governed by the linear stochastic difference equation (Faff, Hillier & Hillier, 2000) : (6) with a measurement :
The random variables and represent process white noise and measurement white noise, respectively. These are assumed to be independent of each other (i.e. 0 correlation between them) with normal probability distributions (Faff, Hillier & Hillier, 2000) : In practice, the process noise covariance and measurement noise covariance matrices (here variance matrices, since ) might change with each time step, however, here they are assumed to be constant (Koch, 2006) . These values were obtained by maximum likelihood methods.
The
(in this case) state transition matrix links the state at the previous time step to the current state at step , assuming no driving function or process noise. The control matrix relates the optional control input to the state . The matrix in the measurement relates the state to the measurement . In practice, and might change with each time step, but here they are both assumed to be constant. The mechanical process to be followed is (Koch, 2006) :
Project error covariance 1 step ahead (11)
UPDATE

Compute Kalman gain (12)
Update estimate with measurement (13) Update error covariance (14) where is the estimated state; is the state transition matrix (i.e., transition between states); represents the control variables; is the control matrix (i.e., mapping control to state variables); is the state variance matrix (i.e., error of estimation); is the process variance matrix (i.e., error due to process); represents the measurement variables; is the measurement matrix (i.e., mapping measurements onto the state); is the Kalman gain; and is the measurement variance matrix (i.e., error from measurements). The subscript represents the current time period; represents the previous time period; and represents the intermediate steps.
The process discussed above will be used to generate 6-, 12-, and 24-month in-sample and out-of-sample forecasts, respectively. The out-of-sample forecasts will be used to estimate 'future' Omega and Sharpe ratios, which will determine the expected risk-adjusted performance of the South African banks. However, before this can be accomplished must the creditability of the Kalman filter's forecasting ability first be determined, through the evaluation of the in-sample forecasts. The Mean Absolute Error ( ); the Mean Squared Error , the Mean Absolute Percentage Error (MAPE), and the Root Mean Squared Error ( ) will be consulted to establish the accuracy of these forecasts, which can be formulated as follow (QMS, 2009; Makridakis, Wheelwright & Hyndman, 1998 
Data
Daily closing share prices of the nine South African banks, obtained from the McGregor BFA (2014) database, were used. To benchmark the performance of these banks, the same indices will be included in the performance analysis as reported in Table 2 . The daily closing index values of the South African indices were obtained from the McGregor BFA (2014) database, whereas the data of the other world indices were obtained from Yahoo Finance (2014), respectively. Daily 3-month JIBAR yields, used as an appropriate risk-free proxy (see Botha, 2007) to estimate the excess returns for the Sharpe ratio, were obtained from the McGregor BFA (2014) database. The average 3-month JIBAR yield will also be applied as the threshold for the Omega ratio. 
RESULTS
The two higher moments (skewness & kurtosis) of the investments proxies under investigation were first investigated. The presence/absence of normality/non-normality was also ascertained, as the divergence from normality occurring in the higher moments of the return distributions limits the traditional Sharpe ratio's performance ranking abilities. This was determined by consulting several normality tests, based on the empirical distribution function (EDF), moments and correlation, respectively, to generate more conclusive results. The normality tests that are based on the EDF include the Kolmogorov-Smirnov (KS) tests with the Lilliefors correction, the Cramér-von Misses' (CVM) test and the Anderson-Darling (AD) test. Normality tests that are based on moments and correlation will entail the Jarque-Bera (JB) test and the Shapiro-Wilk (SW) test, respectively. These analyses Jan-03 Jan-04 Jan-05 Jan-06 Jan-07 Jan-08 Jan-09 Jan-10 Jan-11 Jan-12 Jan-13 Jan-14 Jan-15 Note: * does not reject the null hypothesis of normality. The rest of the normality tests reject the null hypothesis at a 5% level of statistical significance. Also, "Skew" denotes skewness and "Kurt" denotes kurtosis. A risk-adjusted performance comparison of the different investment proxies over the different sample periods under investigation is provided next. These rankings will be accumulated from the traditional Sharpe ratio (see Equation 1), an autocorrelation adjusted (SC) Sharpe ratio (see Equation 4), two scaled versions of the Sharpe ratio (see Equation 2 for  and Equation 3 for ), which are also adjusted for autocorrelation, and from the Omega ratio (see Equation 5 ). The first observation worth reporting from Table 4 and 5 is that there is no relationship between the rankings of the different risk-adjusted performance measures. These rankings accentuate the impact that correlation and higher moments have and provide a motivation for why future studies must always adjust for these occurrences. Another important observation is the respectable overall performance of South African banks over the different periods under investigation.
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The Clute Institute Overall, South African banks illustrated respectable performance compared to world indices during the different time periods under investigation, with ABL as the exception. Especially, CPI, GND, and SFN exhibit the most promising results, which are followed by S&P 500, Dow Jones, SHCOMP, and DAX as the more competitive world indices. Nonetheless, from these results it can be argued that South African banks can be considered as competitive investments options. Though, these rankings are still based on historical returns and with the downgrade of some of the South African banks will create uncertainty, making investors more hesitate to invest in these banking shares. In order to determine if these shares can still be expected to be relatively competitive, the Kalman filter will be applied to generate future returns (6-, 12-, and 24-month forecasts, respectively), from which 'future' Sharpe and Omega ratios will be estimated. However, before future performance rankings can be estimated it is important to firstly establish the reliability of the Kalman filter's ability to forecast. This will be accomplished by evaluating the 6-, 12-, and 24-month in-sample forecasts with the Mean Absolute Error ( ); the Mean Squared Error , the Mean Absolute Percentage Error (MAPE), and the Root Mean Squared Error , respectively. From the results reported in Table 6 it can be argued that due to the relative small in-sample forecast errors, the Kalman filter can be considered as a reliable forecasting tool, which also supports the findings of Brooks, Faff and McKenzie (1998) . Although the forecast error increases as the forecast range increases, (see for example Ozcan, 2009) , the Kalman filter's forecast ability is still deemed suitable for this paper. The next step of the empirical study is to generate 6-, 12-, and 24-month out-of-sample forecasts, which are used to establish the possible future riskadjusted performance of the South African banks. Since ABL has provided no returns since August 2014, it is excluded from further evaluations. Also, the forecast returns exhibited no downside risk for some of the shares and indices under investigation, making it impossible to estimate the scaled Sharpe ratios. There were also no deviations found between the rankings based on the traditional Sharpe ratio and the SC adjusted Sharpe ratio, hence this paper evaluates only the rankings generated from the Omega ratio and the SC adjusted Sharpe ratio. Table B to D in the Appendix, it is clear that the downgrade of the four major South African banks and of CPI is expected to have a significant effect on their future risk-adjusted performance (see also Figure 3 , 4 & 5) . Based on the SC adjusted Sharpe ratio and the Omega ratio, CPI is expected to perform the worst of all the shares and indices under investigation (see Table B to D in the Appendix). Also, the 6-month and 12-month performance evaluation suggest that NED will perform the third worst of the four major banks, followed by SBK (see Figure 3 & 4) . Although, the 24-month performance evaluation suggests that NED will improve, outperforming BGA (see Figure 5 ) that is considered to be the best performing South African bank over the 6-month performance evaluation.
The 12-month performance evaluation also suggests that FSR will be the best performing bank of the four major banks, but will be outperformed by NI225 and CAC 40, respectively. However, the 24-month performance evaluation suggests that FSR will improve and will outperform all the shares and indices under investigation, followed by NI225, J835, INL and SFN, respectively. It is also interesting to note that dominant world indices, such as the Dow Jones, CAC 40, and S&P 500 are expected to decrease in performance, based on the 6-month and 24-month performance evaluation. Also, from all the world indices, the 6-month and 24-month performance evaluations suggest that SHCOMP to be the worst performing index, followed by J580 and J203, respectively. Although the South African banks are not overall the top performers, the forecast performance evaluations suggest that most of the South African shares will be able to outperform J580 and J203, respectively. Furthermore, even if the 6-month and 12-month performance evaluation suggest that J835 lost investment confidence, the 24-month performance evaluation suggests a long-term improvement, outperforming all the shares and indices, except FSR and NI225 (see Figure 5 ). Overall, by combining the rankings of the SC adjusted Sharpe ratio and the Omega ratio over the three forecast ranges, it can be argued that the performance of the South African banks is expected to decreased compared to the findings reported in Table 3 , 4 and 5. From Figure 6 the combined forecast performance suggests that CPI and SBK will perform the worst of all the South African banks. Although, from the combined results it is expected that FSR will be the best performing bank (ranked second), followed by INL (ranked fifth) and BGA (ranked sixth), respectively. Also, based on Figure 6 , these three banks are expected to outperform world indices, such as the DAX, UKX, and S&P 500. These findings, therefore, suggest that although the South African banking shares decreased in performance due to uncertainty, generated largely by Moody's downgrade, some of these shares still have the possibility to perform relatively well against common world indices. These findings thus emphasise the argument that some South African banking shares can still be considered as relatively competitive and should still be considered as feasible investment options.
CONCLUSION
Due to several failures that where highlighted by the global financial crisis, the Basel Committee on Banking Supervision (BCBS) introduced the Basel III Accord to enhance the financial landscape in terms of complexity, interdependency, supervision and dynamism that may contain further economic failures. However, the Basel III Accord will place strain on the bank in terms of performance and profitability, which in turn will cause negative investor sentiment to develop for common banking shares. Also, due to Moody's announcement to downgrade CPI and the four major South African banks may further escalate the uncertainty regarding South African banking shares' competitive performance abilities. 
CPI
By adapting the Kalman filter as a suitable forecasting tool, performance prognoses were generated of expectations pertaining to South African bank shares over the next 6, 12 and 24 months after the downgrade in August 2014. From the forecast returns, generated by the Kalman filter, the Sharpe and Omega ratios were consulted to determine the possible future performance of the South African banks. Overall, the forecast performance evaluation suggests there will be a significant decrease in risk-adjusted performance. Findings suggested that CPI and SBK will perform the worst of all the South African banking shares. Further evidence also suggested that world indices such as NI225, CAC 40, and Dow Jones will outperform most of the South African banking shares. Nonetheless, results were found which suggest that the South African bank index will recover and will be able to outperform the JSE All Share index and the JSE Financial index in two years. Also, from combined results it is expected that FSR will be the best performing South African bank, followed by INL and BGA, respectively. These three banks are also expected to outperform world indices, such as DAX, UKX, and S&P 500.
Overall, these findings encourage the restoration of future investor sentiment in the banking industry. It also suggest that although the South African banking shares decreased in performance due to greater uncertainty, generated largely by Moody's downgrade, some of these shares still have the possibility to perform relatively well against common world indices. This emphasises the argument that some South African banking shares can still be considered relatively competitive and should be considered as feasible investment options.
To conclude, with South Africa's highly rated financial system and its leading role in bank supervision and regulations, South African banking shares should be considered as desirable, stable investment options. However, the small size of the JSE market can still make it vulnerable to different hedging strategies, like short positions, which can influence the performance of these banking shares, making it an interesting topic for future studies. Also, as pointed out by Brigham and Ehrhard (2005) , there remains some doubt about the concept of a risk-free rate, which can further influence the future estimations of performance measures, like the Sharpe ratio, making it an important topic to investigate.
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